graph neural network training

graph neural network training is a critical process in the development and deployment
of graph-based machine learning models. As graph neural networks (GNNs) continue to
advance various domains such as social network analysis, recommendation systems, and
bioinformatics, understanding the intricacies of training these models becomes increasingly
important. This article explores the fundamental concepts of graph neural network training,
including the architecture of GNNs, data preparation, and optimization techniques. It also
delves into challenges faced during training, such as overfitting and scalability, and
presents best practices for effective model development. By the end, readers will have a
comprehensive understanding of how to approach graph neural network training for
improved performance and accuracy.
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Overview of Graph Neural Networks

Graph neural networks are specialized deep learning models designed to operate on graph-
structured data. Unlike traditional neural networks that work with Euclidean data, GNNs can
capture relationships and dependencies encoded in graphs, making them ideal for tasks
where data is interconnected. The training of graph neural networks involves learning node,
edge, or graph-level representations by aggregating information through graph
convolutions or message-passing mechanisms.

Architecture of Graph Neural Networks

The architecture of graph neural networks typically consists of multiple layers where each
layer updates node embeddings by aggregating features from neighboring nodes. Common
architectures include Graph Convolutional Networks (GCN), Graph Attention Networks
(GAT), and GraphSAGE. These architectures differ in how they aggregate and transform
node information, directly impacting the training process and outcomes.

Types of Graph Neural Network Tasks

Graph neural network training targets various tasks such as node classification, link



prediction, and graph classification. Each task requires specific training strategies and loss
functions, influencing how models are optimized and evaluated during training.

Data Preparation for Graph Neural Network
Training

Effective graph neural network training begins with meticulous data preparation. Since
GNNs operate on graphs, the input data must be structured appropriately, including nodes,
edges, features, and labels. Proper preprocessing ensures the model learns meaningful
patterns and relationships.

Graph Construction and Feature Engineering

Constructing the graph involves defining nodes and edges based on the domain-specific
relationships. Feature engineering is crucial to provide informative node and edge
attributes, which serve as inputs during training. Techniques such as normalization and
embedding initialization can enhance model performance.

Data Splitting and Sampling Methods

Splitting graph data into training, validation, and test sets requires special consideration to
avoid data leakage due to interconnected nodes. Sampling methods like neighborhood
sampling or subgraph extraction help reduce computational complexity and facilitate mini-
batch training.

Training Techniques and Optimization

The training of graph neural networks involves iteratively updating model parameters to
minimize a loss function. This section covers the key optimization algorithms and training
methodologies used in GNNs.

Loss Functions for Graph Neural Network Training

Loss functions depend on the specific task, such as cross-entropy loss for classification or
mean squared error for regression tasks. Selecting the appropriate loss function is vital for
effective training and convergence.

Optimization Algorithms

Graph neural networks are commonly trained using gradient-based optimization algorithms
like stochastic gradient descent (SGD) and its variants such as Adam and RMSprop. These
optimizers adjust model weights based on computed gradients to improve accuracy during



training.

Regularization Techniques

To prevent overfitting during graph neural network training, regularization methods such as
dropout, weight decay, and early stopping are applied. These techniques improve the
generalizability of the trained model.

Challenges in Graph Neural Network Training

Training graph neural networks poses unique challenges due to the complexity of graph
data and model architectures. Understanding these issues helps in developing robust
training pipelines.

Scalability Issues

Large-scale graphs can cause memory and computational bottlenecks during training.
Techniques like mini-batch training, graph sampling, and distributed computing are
employed to address scalability concerns.

Overfitting and Underfitting

Graph neural networks may overfit due to limited labeled data or underfit due to insufficient
model capacity. Balancing model complexity and data availability is crucial during training.

Gradient Vanishing and Exploding

Deep GNN architectures risk gradient vanishing or exploding problems during
backpropagation, which can hamper effective training. Proper initialization and
normalization techniques can mitigate these issues.

Best Practices for Efficient Training

Adhering to best practices can significantly enhance graph neural network training
outcomes. These guidelines help optimize performance and resource utilization.

1. Use appropriate graph sampling methods to handle large graphs efficiently.
2. Apply feature normalization and scaling for stable training.

3. Choose suitable loss functions aligned with the specific graph task.



4. Incorporate regularization techniques to improve model generalization.
5. Monitor training with validation metrics to avoid overfitting.
6. Leverage hardware accelerators like GPUs for faster computation.

7. Experiment with different GNN architectures to find the best fit for the problem.

Frequently Asked Questions

What are the common challenges faced during graph
neural network training?

Common challenges include over-smoothing, scalability to large graphs, handling dynamic
graphs, and dealing with noisy or incomplete graph data.

How does mini-batch training work in graph neural
networks?

Mini-batch training in GNNs involves sampling a subset of nodes and their neighbors to
construct smaller computation graphs, enabling efficient training on large graphs without
loading the entire graph into memory.

What role does normalization play in graph neural
network training?

Normalization techniques, such as batch normalization or layer normalization, help stabilize
training by reducing internal covariate shift and improving gradient flow, leading to faster
convergence and better performance.

How can overfitting be prevented during graph neural
network training?

Overfitting can be mitigated through methods like dropout, early stopping, regularization,
data augmentation, and using validation sets to monitor model performance during
training.

What optimizers are most effective for training graph
neural networks?

Adaptive optimizers like Adam and RMSprop are commonly used due to their ability to
handle sparse gradients and adjust learning rates dynamically, improving training stability
and convergence.



How important is the choice of loss function in graph
neural network training?

The loss function is critical as it guides the learning process; common choices include cross-
entropy for classification tasks and mean squared error for regression, with task-specific
losses often enhancing model performance.

Can transfer learning be applied to graph neural
network training?

Yes, transfer learning can be applied by pretraining a GNN on a large related graph dataset
and fine-tuning it on a specific downstream task, which helps improve performance when
labeled data is scarce.

What are effective strategies for hyperparameter
tuning in graph neural network training?

Effective strategies include grid search, random search, and Bayesian optimization focusing
on parameters like learning rate, number of layers, hidden units, dropout rate, and
neighborhood sampling size.

Additional Resources

1. Graph Neural Networks: Foundations, Frontiers, and Applications

This book provides a comprehensive introduction to the theory and practice of graph neural
networks (GNNSs). It covers foundational concepts, including graph representations and
neural architectures tailored for graphs. The text also explores cutting-edge applications in
social networks, recommendation systems, and bioinformatics, making it ideal for both
beginners and advanced researchers.

2. Deep Learning on Graphs: Methods and Applications

Focusing on deep learning techniques for graph-structured data, this book delves into
various GNN models such as Graph Convolutional Networks (GCNs), Graph Attention
Networks (GATs), and their training methodologies. It highlights practical strategies for
handling large-scale graphs and discusses optimization challenges. Case studies illustrate
real-world applications in areas like drug discovery and natural language processing.

3. Training Graph Neural Networks: Algorithms and Optimization

This text emphasizes the training aspects of GNNs, discussing loss functions, regularization
methods, and gradient-based optimization techniques specific to graph data. It presents
strategies to overcome issues like over-smoothing and scalability during training. Readers
will find detailed explanations of mini-batching on graphs and techniques for efficient
backpropagation.

4. Graph Representation Learning and Neural Networks

Covering the intersection of representation learning and GNNs, this book explores how
graph embeddings can be learned effectively through neural network architectures. It
addresses both unsupervised and supervised training paradigms. Additionally, it discusses



recent advances in self-supervised learning on graphs and their impact on downstream
tasks.

5. Applied Graph Neural Networks: From Theory to Practice

Designed for practitioners, this book bridges theoretical concepts with practical
implementation of GNNs. It guides readers through designing, training, and deploying graph
neural networks using popular frameworks. Real-world projects and code examples
demonstrate how to tailor GNN training for specific domains such as finance and
cybersecurity.

6. Scalable Graph Neural Networks: Techniques and Tools

This book tackles the challenges of scaling GNN training to massive graphs, focusing on
distributed training, sampling methods, and memory-efficient algorithms. It introduces tools
and libraries that facilitate large-scale GNN development. Researchers and engineers will
benefit from insights into parallelization and hardware-aware optimization.

7. Graph Neural Networks in Natural Language Processing

Exploring the synergy between GNNs and NLP, this book details how graph structures can
represent linguistic data and how GNNs can be trained to improve language understanding
tasks. Topics include semantic graph parsing, knowledge graph embeddings, and text
classification. Training strategies tailored to the unique properties of language graphs are
thoroughly examined.

8. Robust Training of Graph Neural Networks

Focused on enhancing the robustness and generalization of GNNs, this book discusses
adversarial attacks, defense mechanisms, and noise-tolerant training techniques. It
provides practical advice on regularization and perturbation strategies to improve model
resilience. The book is valuable for researchers working on secure and reliable graph-based
learning systems.

9. Graph Neural Networks for Computer Vision

This book investigates the application of GNNs in computer vision tasks such as scene
graph generation, object recognition, and 3D shape analysis. It covers specialized training
protocols to handle visual graph data, including data augmentation and transfer learning.
Readers will gain insights into integrating GNN training with convolutional neural networks
for enhanced visual understanding.
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disruptive for Euclidean data, such as images or sequence data, and not immediately applicable to
graph-structured data such as text. This gap has driven a wave of research for deep learning on
graphs, including graph representation learning, graph generation, and graph classification. The
new neural network architectures on graph-structured data (graph neural networks, GNNs in short)
have performed remarkably on these tasks, demonstrated by applications in social networks,
bioinformatics, and medical informatics. Despite these successes, GNNs still face many challenges
ranging from the foundational methodologies to the theoretical understandings of the power of the
graph representation learning. This book provides a comprehensive introduction of GNNSs. It first
discusses the goals of graph representation learning and then reviews the history, current
developments, and future directions of GNNs. The second part presents and reviews fundamental
methods and theories concerning GNNs while the third part describes various frontiers that are built
on the GNNs. The book concludes with an overview of recent developments in a number of
applications using GNNs. This book is suitable for a wide audience including undergraduate and
graduate students, postdoctoral researchers, professors and lecturers, as well as industrial and
government practitioners who are new to this area or who already have some basic background but
want to learn more about advanced and promising techniques and applications.

graph neural network training: Hands-On Graph Neural Networks Using Python Maxime
Labonne, 2023-04-14 Design robust graph neural networks with PyTorch Geometric by combining
graph theory and neural networks with the latest developments and apps Purchase of the print or
Kindle book includes a free PDF eBook Key Features Implement -of-the-art graph neural
architectures in Python Create your own graph datasets from tabular data Build powerful traffic
forecasting, recommender systems, and anomaly detection applications Book DescriptionGraph
neural networks are a highly effective tool for analyzing data that can be represented as a graph,
such as networks, chemical compounds, or transportation networks. The past few years have seen
an explosion in the use of graph neural networks, with their application ranging from natural
language processing and computer vision to recommendation systems and drug discovery. Hands-On
Graph Neural Networks Using Python begins with the fundamentals of graph theory and shows you
how to create graph datasets from tabular data. As you advance, you’ll explore major graph neural
network architectures and learn essential concepts such as graph convolution, self-attention, link
prediction, and heterogeneous graphs. Finally, the book proposes applications to solve real-life
problems, enabling you to build a professional portfolio. The code is readily available online and can
be easily adapted to other datasets and apps. By the end of this book, you’ll have learned to create
graph datasets, implement graph neural networks using Python and PyTorch Geometric, and apply
them to solve real-world problems, along with building and training graph neural network models for
node and graph classification, link prediction, and much more.What you will learn Understand the
fundamental concepts of graph neural networks Implement graph neural networks using Python and
PyTorch Geometric Classify nodes, graphs, and edges using millions of samples Predict and generate
realistic graph topologies Combine heterogeneous sources to improve performance Forecast future
events using topological information Apply graph neural networks to solve real-world problems Who
this book is for This book is for machine learning practitioners and data scientists interested in
learning about graph neural networks and their applications, as well as students looking for a
comprehensive reference on this rapidly growing field. Whether you’re new to graph neural
networks or looking to take your knowledge to the next level, this book has something for you. Basic
knowledge of machine learning and Python programming will help you get the most out of this book.

graph neural network training: Introduction to Graph Neural Networks Zhiyuan Liu, Jie
Zhou, 2022-05-31 Graphs are useful data structures in complex real-life applications such as
modeling physical systems, learning molecular fingerprints, controlling traffic networks, and
recommending friends in social networks. However, these tasks require dealing with non-Euclidean
graph data that contains rich relational information between elements and cannot be well handled
by traditional deep learning models (e.g., convolutional neural networks (CNNs) or recurrent neural
networks (RNNs)). Nodes in graphs usually contain useful feature information that cannot be well



addressed in most unsupervised representation learning methods (e.g., network embedding
methods). Graph neural networks (GNNs) are proposed to combine the feature information and the
graph structure to learn better representations on graphs via feature propagation and aggregation.
Due to its convincing performance and high interpretability, GNN has recently become a widely
applied graph analysis tool. This book provides a comprehensive introduction to the basic concepts,
models, and applications of graph neural networks. It starts with the introduction of the vanilla GNN
model. Then several variants of the vanilla model are introduced such as graph convolutional
networks, graph recurrent networks, graph attention networks, graph residual networks, and
several general frameworks. Variants for different graph types and advanced training methods are
also included. As for the applications of GNNs, the book categorizes them into structural,
non-structural, and other scenarios, and then it introduces several typical models on solving these
tasks. Finally, the closing chapters provide GNN open resources and the outlook of several future
directions.

graph neural network training: Graph Representation Learning William L. Hamilton,
2022-06-01 Graph-structured data is ubiquitous throughout the natural and social sciences, from
telecommunication networks to quantum chemistry. Building relational inductive biases into deep
learning architectures is crucial for creating systems that can learn, reason, and generalize from this
kind of data. Recent years have seen a surge in research on graph representation learning, including
techniques for deep graph embeddings, generalizations of convolutional neural networks to
graph-structured data, and neural message-passing approaches inspired by belief propagation.
These advances in graph representation learning have led to new state-of-the-art results in
numerous domains, including chemical synthesis, 3D vision, recommender systems, question
answering, and social network analysis. This book provides a synthesis and overview of graph
representation learning. It begins with a discussion of the goals of graph representation learning as
well as key methodological foundations in graph theory and network analysis. Following this, the
book introduces and reviews methods for learning node embeddings, including random-walk-based
methods and applications to knowledge graphs. It then provides a technical synthesis and
introduction to the highly successful graph neural network (GNN) formalism, which has become a
dominant and fast-growing paradigm for deep learning with graph data. The book concludes with a
synthesis of recent advancements in deep generative models for graphs—a nascent but quickly
growing subset of graph representation learning.

graph neural network training: Graph Neural Networks in Action Keita Broadwater,
Namid Stillman, 2025-04-15 Graph Neural Networks in Action is a great guide about how to build
cutting-edge graph neural networks and powerful deep learning models for recommendation
engines, molecular modeling, and more. Ideal for Python programmers, you will dive into graph
neural networks perfect for node prediction, link prediction, and graph classification.

graph neural network training: Graph Neural Networks: Essentials and Use Cases
Pethuru Raj Chelliah, Pawan Whig, Susila Nagarajan, Usha Sakthivel, Nikhitha Yathiraju,
2025-07-25 This book explains the technologies and tools that underpin GNNs, offering a clear and
practical guide to their industrial applications and use cases. Al engineers, data scientists, and
researchers in Al and graph theory will find detailed insights into the latest trends and innovations
driving this dynamic field. With practical chapters demonstrating how GNNs are reshaping various
industry verticals—and how they complement advances in generative, agentic, and physical Al—this
book is an essential resource for understanding and leveraging their potential. The neural network
paradigm has surged in popularity for its ability to uncover hidden patterns within vast datasets.
This transformative technology has spurred global innovations, particularly through the evolution of
deep neural networks (DNNs). Convolutional neural networks (CNNs) have revolutionized computer
vision, while recurrent neural networks (RNNs) and their advanced variants have automated natural
language processing tasks such as speech recognition, translation, and content generation.
Traditional DNNs primarily handle Euclidean data, yet many real-world problems involve
non-Euclidean data—complex relationships and interactions naturally represented as graphs. This



challenge has driven the rise of graph neural networks (GNNs), an approach that extends deep
learning into new domains. GNNs are powerful models designed to work with graph-structured data,
where nodes represent individual data points and edges denote the relationships between them.
Several variants have emerged: Graph Convolutional Networks (GCNs): These networks learn from a
node’s local neighborhood by aggregating information from adjacent nodes, updating the node’s
representation in the process. Graph Attentional Networks (GATs): By incorporating attention
mechanisms, GATs focus on the most relevant neighbors during aggregation, enhancing model
performance. Graph Recurrent Networks (GRNs): These networks combine principles from RNNs
with graph structures to capture dynamic relationships within the data. GNNs are applied in a
variety of advanced use cases, including node classification, link prediction, graph clustering,
anomaly detection, recommendation systems, and also in natural language processing and computer
vision. They help forecast traffic patterns, analyze molecular structures, verify programs, predict
social influence, model electronic health records, and map brain networks.

graph neural network training: Optimizing Graph Neural Network Training on Large
Graphs Nickolas Stathas, 2021 Graphs can be used to represent many important classes of
structured real-world data. For this reason, there has been an increase of research interest in
various machine learning approaches to solve tasks such as link prediction and node property
prediction. Graph Neural Network models demonstrate good performance on such tasks. However,
the depth of the models and the size of the graphs they can be trained on is constrained either by
the low processing throughput of CPUs or by the limited memory capacity of GPUs. Techniques such
as neighborhood sampling are often used to create smaller mini-batch training examples that fit in
GPU memory. In this thesis, I provide a systematic performance analysis of GNN training codes
written using PyTorch Geometric, the most popular machine learning framework for GNNs. Through
this performance analysis, I uncover significant performance bottlenecks related to neighborhood
sampling and GPU data transfers. To address these issues, I create FastPyG: a
performance-engineered fork of PyTorch Geometric, which achieves a 3-6x speedup over
comparable PyTorch Geometric codes without impacting model accuracy. The core contribution
included in FastPyG is fast sampler, an efficient and parallel neighborhood sampling implementation
in C++.

graph neural network training: Introduction to Graph Neural Networks Zhiyuan Liu, Jie
Zhou, 2020 Graphs are useful data structures in complex real-life applications such as modeling
physical systems, learning molecular fingerprints, controlling traffic networks, and recommending
friends in social networks. However, these tasks require dealing with non-Euclidean graph data that
contains rich relational information between elements and cannot be well handled by traditional
deep learning models (e.g., convolutional neural networks (CNNs) or recurrent neural networks
(RNNs)). Nodes in graphs usually contain useful feature information that cannot be well addressed
in most unsupervised representation learning methods (e.g., network embedding methods). Graph
neural networks (GNNs) are proposed to combine the feature information and the graph structure to
learn better representations on graphs via feature propagation and aggregation. Due to its
convincing performance and high interpretability, GNN has recently become a widely applied graph
analysis tool. This book provides a comprehensive introduction to the basic concepts, models, and
applications of graph neural networks. It starts with the introduction of the vanilla GNN model. Then
several variants of the vanilla model are introduced such as graph convolutional networks, graph
recurrent networks, graph attention networks, graph residual networks, and several general
frameworks. Variants for different graph types and advanced training methods are also included. As
for the applications of GNNs, the book categorizes them into structural, non-structural, and other
scenarios, and then it introduces several typical models on solving these tasks. Finally, the closing
chapters provide GNN open resources and the outlook of several future directions.

graph neural network training: Advances in Graph Neural Networks Chuan Shi, Xiao Wang,
Cheng Yang, 2022-11-16 This book provides a comprehensive introduction to the foundations and
frontiers of graph neural networks. In addition, the book introduces the basic concepts and



definitions in graph representation learning and discusses the development of advanced graph
representation learning methods with a focus on graph neural networks. The book providers
researchers and practitioners with an understanding of the fundamental issues as well as a launch
point for discussing the latest trends in the science. The authors emphasize several frontier aspects
of graph neural networks and utilize graph data to describe pairwise relations for real-world data
from many different domains, including social science, chemistry, and biology. Several frontiers of
graph neural networks are introduced, which enable readers to acquire the needed techniques of
advances in graph neural networks via theoretical models and real-world applications.

graph neural network training: Concepts and Techniques of Graph Neural Networks Kumar,
Vinod, Rajput, Dharmendra Singh, 2023-05-22 Recent advancements in graph neural networks have
expanded their capacities and expressive power. Furthermore, practical applications have begun to
emerge in a variety of fields including recommendation systems, fake news detection, traffic
prediction, molecular structure in chemistry, antibacterial discovery physics simulations, and more.
As a result, a boom of research at the juncture of graph theory and deep learning has revolutionized
many areas of research. However, while graph neural networks have drawn a lot of attention, they
still face many challenges when it comes to applying them to other domains, from a conceptual
understanding of methodologies to scalability and interpretability in a real system. Concepts and
Techniques of Graph Neural Networks provides a stepwise discussion, an exhaustive literature
review, detailed analysis and discussion, rigorous experimentation results, and application-oriented
approaches that are demonstrated with respect to applications of graph neural networks. The book
also develops the understanding of concepts and techniques of graph neural networks and
establishes the familiarity of different real applications in various domains for graph neural
networks. Covering key topics such as graph data, social networks, deep learning, and graph
clustering, this premier reference source is ideal for industry professionals, researchers, scholars,
academicians, practitioners, instructors, and students.

graph neural network training: Graph Neural Network Methods and Applications in Scene
Understanding Weibin Liu, Huaqing Hao, Hui Wang, Zhiyuan Zou, Weiwei Xing, 2025-01-03 The
book focuses on graph neural network methods and applications for scene understanding. Graph
Neural Network is an important method for graph-structured data processing, which has strong
capability of graph data learning and structural feature extraction. Scene understanding is one of
the research focuses in computer vision and image processing, which realizes semantic
segmentation and object recognition of image or video. In this book, the algorithm, system design
and performance evaluation of scene understanding based on graph neural networks have been
studied. First, the book elaborates the background and basic concepts of graph neural network and
scene understanding, then introduces the operation mechanism and key methodological foundations
of graph neural network. The book then comprehensively explores the implementation and
architectural design of graph neural networks for scene understanding tasks, including scene
parsing, human parsing, and video object segmentation. The aim of this book is to provide timely
coverage of the latest advances and developments in graph neural networks and their applications to
scene understanding, particularly for readers interested in research and technological innovation in
machine learning, graph neural networks and computer vision. Features of the book include
self-supervised feature fusion based graph convolutional network is designed for scene parsing,
structure-property based graph representation learning is developed for human parsing, dynamic
graph convolutional network based on multi-label learning is designed for human parsing, and graph
construction and graph neural network with transformer are proposed for video object
segmentation.

graph neural network training: Responsible Graph Neural Networks Mohamed Abdel-Basset,
Nour Moustafa, Hossam Hawash, Zahir Tari, 2023-06-05 More frequent and complex cyber threats
require robust, automated, and rapid responses from cyber-security specialists. This book offers a
complete study in the area of graph learning in cyber, emphasizing graph neural networks (GNNs)
and their cyber-security applications. Three parts examine the basics, methods and practices, and



advanced topics. The first part presents a grounding in graph data structures and graph embedding
and gives a taxonomic view of GNNs and cyber-security applications. The second part explains three
different categories of graph learning, including deterministic, generative, and reinforcement
learning and how they can be used for developing cyber defense models. The discussion of each
category covers the applicability of simple and complex graphs, scalability, representative
algorithms, and technical details. Undergraduate students, graduate students, researchers, cyber
analysts, and Al engineers looking to understand practical deep learning methods will find this book
an invaluable resource.

graph neural network training: Deep Learning on Graphs Yao Ma, Jiliang Tang, 2021-09-23
Deep learning on graphs has become one of the hottest topics in machine learning. The book
consists of four parts to best accommodate our readers with diverse backgrounds and purposes of
reading. Part 1 introduces basic concepts of graphs and deep learning; Part 2 discusses the most
established methods from the basic to advanced settings; Part 3 presents the most typical
applications including natural language processing, computer vision, data mining, biochemistry and
healthcare; and Part 4 describes advances of methods and applications that tend to be important
and promising for future research. The book is self-contained, making it accessible to a broader
range of readers including (1) senior undergraduate and graduate students; (2) practitioners and
project managers who want to adopt graph neural networks into their products and platforms; and
(3) researchers without a computer science background who want to use graph neural networks to
advance their disciplines.

graph neural network training: Graph Neural Network for Hyperspectral Image Clustering
Yao Ding, Zhili Zhang, Haojie Hu, Renxiang Guan, Jie Feng, Zhiyong Lv, 2025-08-09 This book
investigates detailed hyperspectral image clustering using graph neural network (graph learning)
methods, focusing on the overall construction of the model, design of self-supervised methods, image
pre-processing, and feature extraction of graph information. Multiple graph neural network-based
clustering methods for hyperspectral images are proposed, effectively improving the clustering
accuracy of hyperspectral images and taking an important step towards the practical application of
hyperspectral images. This book is innovative in content and emphasizes the integration of theory
with practice, which can be used as a reference book for graduate students, senior undergraduate
students, researchers, and engineering technicians in related majors such as electronic information
engineering, computer application technology, automation, instrument science and technology,
remote sensing.

graph neural network training: Graph Machine Learning Aldo Marzullo, Enrico Deusebio,
Claudio Stamile, 2025-07-18 Enhance your data science skills with this updated edition featuring
new chapters on LLMs, temporal graphs, and updated examples with modern frameworks, including
PyTorch Geometric, and DGL Key Features Master new graph ML techniques through updated
examples using PyTorch Geometric and Deep Graph Library (DGL) Explore GML frameworks and
their main characteristics Leverage LLMs for machine learning on graphs and learn about temporal
learning Purchase of the print or Kindle book includes a free PDF eBook Book DescriptionGraph
Machine Learning, Second Edition builds on its predecessor’s success, delivering the latest tools and
techniques for this rapidly evolving field. From basic graph theory to advanced ML models, you'll
learn how to represent data as graphs to uncover hidden patterns and relationships, with practical
implementation emphasized through refreshed code examples. This thoroughly updated edition
replaces outdated examples with modern alternatives such as PyTorch and DGL, available on GitHub
to support enhanced learning. The book also introduces new chapters on large language models and
temporal graph learning, along with deeper insights into modern graph ML frameworks. Rather than
serving as a step-by-step tutorial, it focuses on equipping you with fundamental problem-solving
approaches that remain valuable even as specific technologies evolve. You will have a clear
framework for assessing and selecting the right tools. By the end of this book, you’ll gain both a
solid understanding of graph machine learning theory and the skills to apply it to real-world
challenges.What you will learn Implement graph ML algorithms with examples in StellarGraph,



PyTorch Geometric, and DGL Apply graph analysis to dynamic datasets using temporal graph ML
Enhance NLP and text analytics with graph-based techniques Solve complex real-world problems
with graph machine learning Build and scale graph-powered ML applications effectively Deploy and
scale your application seamlessly Who this book is for This book is for data scientists, ML
professionals, and graph specialists looking to deepen their knowledge of graph data analysis or
expand their machine learning toolkit. Prior knowledge of Python and basic machine learning
principles is recommended.

graph neural network training: Artificial Neural Networks and Machine Learning - ICANN
2021 Igor Farkas, Paolo Masulli, Sebastian Otte, Stefan Wermter, 2021-09-10 The proceedings set
LNCS 12891, LNCS 12892, LNCS 12893, LNCS 12894 and LNCS 12895 constitute the proceedings
of the 30th International Conference on Artificial Neural Networks, ICANN 2021, held in Bratislava,
Slovakia, in September 2021.* The total of 265 full papers presented in these proceedings was
carefully reviewed and selected from 496 submissions, and organized in 5 volumes. In this volume,
the papers focus on topics such as generative neural networks, graph neural networks, hierarchical
and ensemble models, human pose estimation, image processing, image segmentation, knowledge
distillation, and medical image processing. *The conference was held online 2021 due to the
COVID-19 pandemic.

graph neural network training: Geometry of Deep Learning Jong Chul Ye, 2022-01-05 The
focus of this book is on providing students with insights into geometry that can help them
understand deep learning from a unified perspective. Rather than describing deep learning as an
implementation technique, as is usually the case in many existing deep learning books, here, deep
learning is explained as an ultimate form of signal processing techniques that can be imagined. To
support this claim, an overview of classical kernel machine learning approaches is presented, and
their advantages and limitations are explained. Following a detailed explanation of the basic building
blocks of deep neural networks from a biological and algorithmic point of view, the latest tools such
as attention, normalization, Transformer, BERT, GPT-3, and others are described. Here, too, the
focus is on the fact that in these heuristic approaches, there is an important, beautiful geometric
structure behind the intuition that enables a systematic understanding. A unified geometric analysis
to understand the working mechanism of deep learning from high-dimensional geometry is offered.
Then, different forms of generative models like GAN, VAE, normalizing flows, optimal transport, and
so on are described from a unified geometric perspective, showing that they actually come from
statistical distance-minimization problems. Because this book contains up-to-date information from
both a practical and theoretical point of view, it can be used as an advanced deep learning textbook
in universities or as a reference source for researchers interested in acquiring the latest deep
learning algorithms and their underlying principles. In addition, the book has been prepared for a
codeshare course for both engineering and mathematics students, thus much of the content is
interdisciplinary and will appeal to students from both disciplines.

graph neural network training: Scaling Graph Neural Network Training on Large Graphs for
Effectiveness and Efficiency Jingshu Peng, 2022

graph neural network training: Artificial Neural Networks and Machine Learning -
ICANN 2023 Lazaros lliadis, Antonios Papaleonidas, Plamen Angelov, Chrisina Jayne, 2023-09-21
The 10-volume set LNCS 14254-14263 constitutes the proceedings of the 32nd International
Conference on Artificial Neural Networks and Machine Learning, ICANN 2023, which took place in
Heraklion, Crete, Greece, during September 26-29, 2023. The 426 full papers, 9 short papers and 9
abstract papers included in these proceedings were carefully reviewed and selected from 947
submissions. ICANN is a dual-track conference, featuring tracks in brain inspired computing on the
one hand, and machine learning on the other, with strong cross-disciplinary interactions and
applications.

graph neural network training: Scaling Graph Learning for the Enterprise Ahmed Menshawy,
Sameh Mohamed, Maraim Rizk Masoud, 2025-08-06 Tackle the core challenges related to
enterprise-ready graph representation and learning. With this hands-on guide, applied data



scientists, machine learning engineers, and practitioners will learn how to build an E2E graph
learning pipeline. You'll explore core challenges at each pipeline stage, from data acquisition and
representation to real-time inference and feedback loop retraining. Drawing on their experience
building scalable and production-ready graph learning pipelines, the authors take you through the
process of building robust graph learning systems in a world of dynamic and evolving graphs.
Understand the importance of graph learning for boosting enterprise-grade applications Navigate
the challenges surrounding the development and deployment of enterprise-ready graph learning and
inference pipelines Use traditional and advanced graph learning techniques to tackle graph use
cases Use and contribute to PyGraf, an open source graph learning library, to help embed best
practices while building graph applications Design and implement a graph learning algorithm using
publicly available and syntactic data Apply privacy-preserving techniques to the graph learning
process
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