
linear algebra for machine learning
linear algebra for machine learning is a fundamental topic that underpins
numerous algorithms and techniques within the field of artificial
intelligence and data science. As machine learning continues to evolve, the
importance of understanding linear algebra becomes increasingly critical for
practitioners and researchers alike. This article will explore the key
concepts of linear algebra, its applications in machine learning, and how it
facilitates various algorithms, including those used in deep learning,
regression analysis, and dimensionality reduction. By delving into the
mathematical foundations, data representations, and computational methods,
you will gain a comprehensive understanding of why linear algebra is
indispensable in the realm of machine learning.
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Introduction to Linear Algebra

Linear algebra is a branch of mathematics that deals with vectors, vector
spaces, linear transformations, and systems of linear equations. It provides
the tools necessary for analyzing and solving linear systems, which are
prevalent in various scientific and engineering applications. In the context
of machine learning, linear algebra serves as the backbone for data
representation and manipulation.

Understanding linear algebra is crucial for developing intuition about how
algorithms work, particularly those that involve high-dimensional data. The
main components of linear algebra include matrices, vectors, and operations
like addition, subtraction, multiplication, and transformation. These
elements allow for efficient computation and representation of complex data
structures.



Key Concepts in Linear Algebra

To effectively apply linear algebra in machine learning, one must grasp
several key concepts, including vectors, matrices, and operations on these
entities.

Vectors

A vector is a one-dimensional array of numbers that can represent points in
space or directions. In machine learning, vectors often represent features of
data points. For instance, an image can be represented as a vector of pixel
values.

Key properties of vectors include:

Magnitude: The length of a vector, calculated using the Euclidean norm.

Direction: Indicates the orientation of the vector in space.

Dot Product: A scalar value obtained from the multiplication of two
vectors, indicating their similarity.

Matrices

A matrix is a two-dimensional array of numbers arranged in rows and columns.
Matrices can represent datasets, where each row corresponds to an observation
and each column corresponds to a feature.

Key operations involving matrices include:

Matrix Addition: Combining two matrices of the same dimensions.

Matrix Multiplication: A fundamental operation that combines two
matrices to produce a new matrix, applicable in transforming data.

Determinant: A scalar value that can indicate whether a matrix is
invertible.

Linear Algebra in Machine Learning

Linear algebra plays a pivotal role in machine learning by providing the



mathematical framework for understanding algorithms and optimizing models.
Many machine learning techniques, such as regression and classification, are
built on linear algebra principles.

Linear Regression

Linear regression is one of the simplest algorithms used in machine learning,
relying heavily on linear algebra. It aims to model the relationship between
a dependent variable and one or more independent variables by fitting a
linear equation to the observed data.

The equation is generally represented as:
Y = Xβ + ε
where Y is the output vector, X is the input matrix, β is the coefficient
vector, and ε represents the error term.

Dimensionality Reduction

Dimensionality reduction techniques, like Principal Component Analysis (PCA),
utilize linear algebra to reduce the number of features in a dataset while
retaining essential information. PCA identifies the directions (principal
components) along which the variance of the data is maximized.

The process involves:

Centering the data by subtracting the mean.

Calculating the covariance matrix.

Deriving the eigenvalues and eigenvectors of the covariance matrix.

Selecting principal components based on the largest eigenvalues.

Applications of Linear Algebra in Machine
Learning

The applications of linear algebra in machine learning are extensive and
varied, influencing many areas of AI research and application.



Neural Networks

Neural networks, particularly deep learning models, heavily rely on linear
algebra for operations such as forward propagation and backpropagation. Each
layer in a neural network can be represented as a matrix multiplication,
allowing for efficient computation of outputs.

Support Vector Machines

Support Vector Machines (SVM) utilize linear algebra to find the hyperplane
that best separates different classes in the feature space. The optimization
problem involved in SVM can be framed in terms of matrix operations,
emphasizing the significance of linear algebra in classification tasks.

Recommendation Systems

Recommendation systems often employ matrix factorization techniques to
predict user preferences. Techniques such as Singular Value Decomposition
(SVD) break down user-item interaction matrices into lower-dimensional
representations, facilitating enhanced recommendations.

Conclusion

In summary, linear algebra for machine learning is a vital area of study that
provides the mathematical foundation for analyzing and interpreting data.
Understanding vectors, matrices, and their operations is crucial for
implementing various machine learning algorithms effectively. With
applications ranging from linear regression to deep learning, the relevance
of linear algebra in this field cannot be overstated. As machine learning
continues to advance, a solid grasp of linear algebra will remain essential
for anyone looking to succeed in this dynamic and rapidly evolving domain.

Q: What is linear algebra and why is it important
for machine learning?
A: Linear algebra is a branch of mathematics that focuses on vectors,
matrices, and linear transformations. It is crucial for machine learning
because it provides the mathematical tools needed to represent and manipulate
data, which is essential for understanding and implementing machine learning
algorithms.



Q: How do vectors and matrices relate to machine
learning?
A: In machine learning, vectors are used to represent individual data points
or features, while matrices are utilized to represent datasets where rows
correspond to observations and columns correspond to features. Operations on
these structures enable efficient computation and analysis.

Q: Can you explain how linear regression uses linear
algebra?
A: Linear regression models the relationship between a dependent variable and
independent variables by fitting a linear equation to the data. It uses
matrix notation to express the model, allowing for efficient computation of
coefficients using techniques like Ordinary Least Squares.

Q: What is Principal Component Analysis (PCA) and
its significance in machine learning?
A: PCA is a dimensionality reduction technique that identifies the directions
of maximum variance in high-dimensional data. It is significant in machine
learning as it helps simplify data, reduce noise, and improve the performance
of algorithms by focusing on essential features.

Q: How do neural networks utilize linear algebra?
A: Neural networks use linear algebra for operations such as matrix
multiplication during forward propagation to calculate outputs and during
backpropagation to update weights. Each layer's computations can be
efficiently represented using linear algebra.

Q: What role does matrix factorization play in
recommendation systems?
A: Matrix factorization techniques, such as Singular Value Decomposition
(SVD), decompose user-item interaction matrices into lower-dimensional
representations, enabling the prediction of user preferences and improving
recommendation accuracy.

Q: What are eigenvalues and eigenvectors, and why
are they important?
A: Eigenvalues and eigenvectors are mathematical constructs that arise from
linear transformations of matrices. They are important in machine learning
for techniques like PCA, where they help identify the principal components



that capture the most variance in data.

Q: How can I learn more about linear algebra for
machine learning?
A: To learn more about linear algebra for machine learning, consider studying
online courses focused on both linear algebra and machine learning, reading
textbooks that cover these topics, and practicing with datasets to apply
linear algebra concepts in real-world scenarios.

Q: Is linear algebra only applicable to machine
learning?
A: No, linear algebra is widely applicable across various fields, including
physics, engineering, computer science, economics, and statistics. It is
fundamental in any domain that requires data analysis and mathematical
modeling.

Linear Algebra For Machine Learning
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context are particularly valuable for students studying undergraduate mathematics. Each chapter of
this text takes the reader through several relevant case studies using real-world data. All data sets,
as well as Python and R syntax, are provided to the reader through links to Github documentation.
Following each chapter is a short exercise set in which students are encouraged to use technology to
apply their expanding knowledge of linear algebra as it is applied to data analytics. A basic
knowledge of the concepts in a first Linear Algebra course is assumed; however, an overview of key
concepts is presented in the Introduction and as needed throughout the text.
  linear algebra for machine learning: Practical Linear Algebra for Machine Learning Amirsina
Torfi, 2019-12-26 Machine Learning is everywhere these days and a lot of fellows desire to learn it
and even master it! This burning desire creates a sense of impatience. We are looking for shortcuts
and willing to ONLY jump to the main concept. If you do a simple search on the web, you see
thousands of people asking How can I learn Machine Learning?, What is the fastest approach to
learn Machine Learning?, and What are the best resources to start Machine Learning? \textit.
Mastering a branch of science is NOT just a feel-good exercise. It has its own requirements.One of
the most critical requirements for Machine Learning is Linear Algebra. Basically, the majority of
Machine Learning is working with data and optimization. How can you want to learn those without
Linear Algebra? How would you process and represent data without vectors and matrices? On the
other hand, Linear Algebra is a branch of mathematics after all. A lot of people trying to avoid
mathematics or have the temptation to just learn as necessary. I agree with the second approach,
though. \textit: You cannot escape Linear Algebra if you want to learn Machine Learning and Deep
Learning. There is NO shortcut.The good news is there are numerous resources out there. In fact,
the availability of numerous resources made me ponder whether writing this book was necessary? I
have been blogging about Machine Learning for a while and after searching and searching I realized
there is a deficiency of an organized book which \textbf teaches the most used Linear Algebra
concepts in Machine Learning, \textbf provides practical notions using everyday used programming
languages such as Python, and \textbf be concise and NOT unnecessarily lengthy.In this book, you
get all of what you need to learn about Linear Algebra that you need to master Machine Learning
and Deep Learning.
  linear algebra for machine learning: Linear Algebra and Optimization for Machine Learning
Charu C. Aggarwal, 2020-05-13 This textbook introduces linear algebra and optimization in the
context of machine learning. Examples and exercises are provided throughout the book. A solution
manual for the exercises at the end of each chapter is available to teaching instructors. This
textbook targets graduate level students and professors in computer science, mathematics and data
science. Advanced undergraduate students can also use this textbook. The chapters for this textbook
are organized as follows: 1. Linear algebra and its applications: The chapters focus on the basics of
linear algebra together with their common applications to singular value decomposition, matrix
factorization, similarity matrices (kernel methods), and graph analysis. Numerous machine learning
applications have been used as examples, such as spectral clustering, kernel-based classification,
and outlier detection. The tight integration of linear algebra methods with examples from machine
learning differentiates this book from generic volumes on linear algebra. The focus is clearly on the
most relevant aspects of linear algebra for machine learning and to teach readers how to apply these
concepts. 2. Optimization and its applications: Much of machine learning is posed as an optimization
problem in which we try to maximize the accuracy of regression and classification models. The
“parent problem” of optimization-centric machine learning is least-squares regression. Interestingly,
this problem arises in both linear algebra and optimization, and is one of the key connecting
problems of the two fields. Least-squares regression is also the starting point for support vector
machines, logistic regression, and recommender systems. Furthermore, the methods for
dimensionality reduction and matrix factorization also require the development of optimization
methods. A general view of optimization in computational graphs is discussed together with its
applications to back propagation in neural networks. A frequent challenge faced by beginners in
machine learning is the extensive background required in linear algebra and optimization. One



problem is that the existing linear algebra and optimization courses are not specific to machine
learning; therefore, one would typically have to complete more course material than is necessary to
pick up machine learning. Furthermore, certain types of ideas and tricks from optimization and
linear algebra recur more frequently in machine learning than other application-centric settings.
Therefore, there is significant value in developing a view of linear algebra and optimization that is
better suited to the specific perspective of machine learning.
  linear algebra for machine learning: Practical Linear Algebra for Data Science Mike X
Cohen, 2022-09-06 If you want to work in any computational or technical field, you need to
understand linear algebra. As the study of matrices and operations acting upon them, linear algebra
is the mathematical basis of nearly all algorithms and analyses implemented in computers. But the
way it's presented in decades-old textbooks is much different from how professionals use linear
algebra today to solve real-world modern applications. This practical guide from Mike X Cohen
teaches the core concepts of linear algebra as implemented in Python, including how they're used in
data science, machine learning, deep learning, computational simulations, and biomedical data
processing applications. Armed with knowledge from this book, you'll be able to understand,
implement, and adapt myriad modern analysis methods and algorithms. Ideal for practitioners and
students using computer technology and algorithms, this book introduces you to: The interpretations
and applications of vectors and matrices Matrix arithmetic (various multiplications and
transformations) Independence, rank, and inverses Important decompositions used in applied linear
algebra (including LU and QR) Eigendecomposition and singular value decomposition Applications
including least-squares model fitting and principal components analysis
  linear algebra for machine learning: Mathematics for Machine Learning Marc Peter
Deisenroth, A. Aldo Faisal, Cheng Soon Ong, 2020-04-23 The fundamental mathematical tools
needed to understand machine learning include linear algebra, analytic geometry, matrix
decompositions, vector calculus, optimization, probability and statistics. These topics are
traditionally taught in disparate courses, making it hard for data science or computer science
students, or professionals, to efficiently learn the mathematics. This self-contained textbook bridges
the gap between mathematical and machine learning texts, introducing the mathematical concepts
with a minimum of prerequisites. It uses these concepts to derive four central machine learning
methods: linear regression, principal component analysis, Gaussian mixture models and support
vector machines. For students and others with a mathematical background, these derivations
provide a starting point to machine learning texts. For those learning the mathematics for the first
time, the methods help build intuition and practical experience with applying mathematical
concepts. Every chapter includes worked examples and exercises to test understanding.
Programming tutorials are offered on the book's web site.
  linear algebra for machine learning: Linear Algebra and Optimization for Machine
Learning Charu C. Aggarwal, 2025-10-11 This textbook is the second edition of the linear algebra
and optimization book that was published in 2020. The exposition in this edition is greatly simplified
as compared to the first edition. The second edition is enhanced with a large number of solved
examples and exercises. A frequent challenge faced by beginners in machine learning is the
extensive background required in linear algebra and optimization. One problem is that the existing
linear algebra and optimization courses are not specific to machine learning; therefore, one would
typically have to complete more course material than is necessary to pick up machine learning.
Furthermore, certain types of ideas and tricks from optimization and linear algebra recur more
frequently in machine learning than other application-centric settings. Therefore, there is significant
value in developing a view of linear algebra and optimization that is better suited to the specific
perspective of machine learning. It is common for machine learning practitioners to pick up missing
bits and pieces of linear algebra and optimization via “osmosis” while studying the solutions to
machine learning applications. However, this type of unsystematic approach is unsatisfying because
the primary focus on machine learning gets in the way of learning linear algebra and optimization in
a generalizable way across new situations and applications. Therefore, we have inverted the focus in



this book, with linear algebra/optimization as the primary topics of interest, and solutions to
machine learning problems as the applications of this machinery. In other words, the book goes out
of its way to teach linear algebra and optimization with machine learning examples. By using this
approach, the book focuses on those aspects of linear algebra and optimization that are more
relevant to machine learning, and also teaches the reader how to apply them in the machine learning
context. As a side benefit, the reader will pick up knowledge of several fundamental problems in
machine learning. At the end of the process, the reader will become familiar with many of the basic
linear-algebra- and optimization-centric algorithms in machine learning. Although the book is not
intended to provide exhaustive coverage of machine learning, it serves as a “technical starter” for
the key models and optimization methods in machine learning. Even for seasoned practitioners of
machine learning, a systematic introduction to fundamental linear algebra and optimization
methodologies can be useful in terms of providing a fresh perspective. The chapters of the book are
organized as follows. 1-Linear algebra and its applications: The chapters focus on the basics of linear
algebra together with their common applications to singular value decomposition, matrix
factorization, similarity matrices (kernel methods), and graph analysis. Numerous machine learning
applications have been used as examples, such as spectral clustering, kernel-based classification,
and outlier detection. The tight integration of linear algebra methods with examples from machine
learning differentiates this book from generic volumes on linear algebra. The focus is clearly on the
most relevant aspects of linear algebra for machine learning and to teach readers how to apply these
concepts. 2-Optimization and its applications: Much of machine learning is posed as an optimization
problem in which we try to maximize the accuracy of regression and classification models. The
“parent problem” of optimization-centric machine learning is least-squares regression. Interestingly,
this problem arises in both linear algebra and optimization and is one of the key connecting
problems of the two fields. Least-squares regression is also the starting point for support vector
machines, logistic regression, and recommender systems. Furthermore, the methods for
dimensionality reduction and matrix factorization also require the development of optimization
methods. A general view of optimization in computational graphs is discussed together with its
applications to backpropagation in neural networks. The primary audience for this textbook is
graduate level students and professors. The secondary audience is industry. Advanced
undergraduates might also be interested, and it is possible to use this book for the mathematics
requirements of an undergraduate data science course.
  linear algebra for machine learning: Mathematics of Machine Learning Tivadar Danka,
2025-05-30 Build a solid foundation in the core math behind machine learning algorithms with this
comprehensive guide to linear algebra, calculus, and probability, explained through practical Python
examples Purchase of the print or Kindle book includes a free PDF eBook Key Features Master
linear algebra, calculus, and probability theory for ML Bridge the gap between theory and real-world
applications Learn Python implementations of core mathematical concepts Book
DescriptionMathematics of Machine Learning provides a rigorous yet accessible introduction to the
mathematical underpinnings of machine learning, designed for engineers, developers, and data
scientists ready to elevate their technical expertise. With this book, you’ll explore the core
disciplines of linear algebra, calculus, and probability theory essential for mastering advanced
machine learning concepts. PhD mathematician turned ML engineer Tivadar Danka—known for his
intuitive teaching style that has attracted 100k+ followers—guides you through complex concepts
with clarity, providing the structured guidance you need to deepen your theoretical knowledge and
enhance your ability to solve complex machine learning problems. Balancing theory with application,
this book offers clear explanations of mathematical constructs and their direct relevance to machine
learning tasks. Through practical Python examples, you’ll learn to implement and use these ideas in
real-world scenarios, such as training machine learning models with gradient descent or working
with vectors, matrices, and tensors. By the end of this book, you’ll have gained the confidence to
engage with advanced machine learning literature and tailor algorithms to meet specific project
requirements. What you will learn Understand core concepts of linear algebra, including matrices,



eigenvalues, and decompositions Grasp fundamental principles of calculus, including differentiation
and integration Explore advanced topics in multivariable calculus for optimization in high
dimensions Master essential probability concepts like distributions, Bayes' theorem, and entropy
Bring mathematical ideas to life through Python-based implementations Who this book is for This
book is for aspiring machine learning engineers, data scientists, software developers, and
researchers who want to gain a deeper understanding of the mathematics that drives machine
learning. A foundational understanding of algebra and Python, and basic familiarity with machine
learning tools are recommended.
  linear algebra for machine learning: Linear Algebra for Machine Learning BIMAL. KUJUR,
2025-02 Machine learning is revolutionizing industries by enabling computers to learn from data and
make intelligent decisions. At the heart of machine learning lies linear algebra - a fundamental
mathematical framework that powers algorithms, optimizations, and data transformations. This
book, Linear Algebra for Machine Learning: Foundations and Applications, aims to bridge the gap
between theoretical concepts and practical applications by providing an intuitive understanding of
linear algebra's role in machine learning models. This book is structured to cater to both beginners
and experienced practitioners. It starts with foundational concepts of linear algebra, including
vectors, matrices, and eigenvalues, before progressing to their applications in machine learning.
Each includes theoretical explanations accompanied by hands-on coding demonstrations to reinforce
learning through practical implementation. By the end of this book, readers will gain a solid grasp of
how linear algebra is employed in machine learning algorithms such as Support Vector Machines,
Neural Networks, and Principal Component Analysis. The combination of mathematical insights and
code demonstrations will equip readers with the skills necessary to develop, optimize, and interpret
machine learning models effectively. Whether you are a student, researcher, or professional, this
book serves as a comprehensive guide to understanding and applying linear algebra in the field of
machine learning.
  linear algebra for machine learning: Linear Algebra And Optimization With Applications To
Machine Learning - Volume Ii: Fundamentals Of Optimization Theory With Applications To Machine
Learning Jean H Gallier, Jocelyn Quaintance, 2020-03-16 Volume 2 applies the linear algebra
concepts presented in Volume 1 to optimization problems which frequently occur throughout
machine learning. This book blends theory with practice by not only carefully discussing the
mathematical under pinnings of each optimization technique but by applying these techniques to
linear programming, support vector machines (SVM), principal component analysis (PCA), and ridge
regression. Volume 2 begins by discussing preliminary concepts of optimization theory such as
metric spaces, derivatives, and the Lagrange multiplier technique for finding extrema of real valued
functions. The focus then shifts to the special case of optimizing a linear function over a region
determined by affine constraints, namely linear programming. Highlights include careful derivations
and applications of the simplex algorithm, the dual-simplex algorithm, and the primal-dual
algorithm. The theoretical heart of this book is the mathematically rigorous presentation of various
nonlinear optimization methods, including but not limited to gradient decent, the
Karush-Kuhn-Tucker (KKT) conditions, Lagrangian duality, alternating direction method of
multipliers (ADMM), and the kernel method. These methods are carefully applied to hard margin
SVM, soft margin SVM, kernel PCA, ridge regression, lasso regression, and elastic-net regression.
Matlab programs implementing these methods are included.
  linear algebra for machine learning: Math for Deep Learning Ronald T. Kneusel,
2021-12-07 Math for Deep Learning provides the essential math you need to understand deep
learning discussions, explore more complex implementations, and better use the deep learning
toolkits. With Math for Deep Learning, you'll learn the essential mathematics used by and as a
background for deep learning. You’ll work through Python examples to learn key deep learning
related topics in probability, statistics, linear algebra, differential calculus, and matrix calculus as
well as how to implement data flow in a neural network, backpropagation, and gradient descent.
You’ll also use Python to work through the mathematics that underlies those algorithms and even



build a fully-functional neural network. In addition you’ll find coverage of gradient descent including
variations commonly used by the deep learning community: SGD, Adam, RMSprop, and
Adagrad/Adadelta.
  linear algebra for machine learning: Linear Algebra and Learning from Data Gilbert
Strang, 2019-01-31 Linear algebra and the foundations of deep learning, together at last! From
Professor Gilbert Strang, acclaimed author of Introduction to Linear Algebra, comes Linear Algebra
and Learning from Data, the first textbook that teaches linear algebra together with deep learning
and neural nets. This readable yet rigorous textbook contains a complete course in the linear
algebra and related mathematics that students need to know to get to grips with learning from data.
Included are: the four fundamental subspaces, singular value decompositions, special matrices,
large matrix computation techniques, compressed sensing, probability and statistics, optimization,
the architecture of neural nets, stochastic gradient descent and backpropagation.
  linear algebra for machine learning: Before Machine Learning Jorge Brasil, 2023
  linear algebra for machine learning: Probabilistic Numerical Linear Algebra for Machine
Learning Jonathan Wenger, 2023
  linear algebra for machine learning: Essential Math for Data Science Thomas Nield,
2022-06-30 To succeed in data science you need some math proficiency. But not just any math. This
common-sense guide provides a clear, plain English survey of the math you'll need in data science,
including probability, statistics, hypothesis testing, linear algebra, machine learning, and calculus.
Practical examples with Python code will help you see how the math applies to the work you'll be
doing, providing a clear understanding of how concepts work under the hood while connecting them
to applications like machine learning. You'll get a solid foundation in the math essential for data
science, but more importantly, you'll be able to use it to: Recognize the nuances and pitfalls of
probability math Master statistics and hypothesis testing (and avoid common pitfalls) Discover
practical applications of probability, statistics, calculus, and machine learning Intuitively understand
linear algebra as a transformation of space, not just grids of numbers being multiplied and added
Perform calculus derivatives and integrals completely from scratch in Python Apply what you've
learned to machine learning, including linear regression, logistic regression, and neural networks
  linear algebra for machine learning: Math Application Earnest Quastad, 2021-03-25 Are you
interested in learning about the amazing capabilities of machine learning, but you're worried it will
be just too complicated? Machine learning is an incredible technology which we're only just
beginning to understand. This guide breaks down the fundamentals of machine learning in a way
that anyone can understand. About the different kinds of machine learning models, neural networks,
and the way these models learn data, you'll find everything you need to know to get started with
machine learning in a concise, easy-to-understand way.
  linear algebra for machine learning: Linear Algebra and Optimization with Applications to
Machine Learning Jean H. Gallier, Jocelyn Quaintance, 2020
  linear algebra for machine learning: Data Science and Machine Learning Series Advait
Jayant, 2019 Become proficient in linear algebra in this course in the Data Science and Machine
Learning Series. Follow along with machine learning expert Advait Jayant through a combination of
lecture and hands-on to practice applying linear algebra concepts. Also here are all of Advait
Jayant's highly-rated videos on O'Reilly, including the full Data Science and Machine Learning Series
. The following ten topics will be covered in this Data Science and Machine Learning course:
Introducing Linear Algebra . Understand linear algebra concepts in this first topic in the Data
Science and Machine Learning Series. Linear algebra is a continuous form of mathematics that
allows us to model natural phenomena and compute them efficiently. Functional analysis is the
application of linear algebra to spaces of functions. Be able to explain vectors which are ordered
lists of numbers. Perform vector addition and multiplication. Creating Linear Transformations, Span,
and Basis Vectors . Create linear transformations, span, and basis vectors in this second topic within
this linear algebra course in the Data Science and Machine Learning Series. Using Linear
Transformations and Matrices . Use linear transformations and matrices in this third topic within



this linear algebra course in the Data Science and Machine Learning Series. See how linear
transformations look in two dimensions and practice more advanced vector multiplication. Using
Linear Transformations as Composition . Use linear transformations as composition in this fourth
topic within this linear algebra course in the Data Science and Machine Learning Series. Practice
matrix multiplication as composition including the use of the Shear Transformation. Apply
transformations in a particular sequence. Creating Matrix Determinants . Create matrix
determinants in this fifth topic within this linear algebra course in the Data Science and Machine
Learning Series. The determinant is the scaling factor by which a linear transformation changes the
area of any shape. Mastering Inverse Matrices, Linear Systems of Equations, Rank, Column Spaces,
and Null Spaces . Master inverse matrices, linear systems of equations, rank, column spaces, and
Null Spaces in this sixth topic within this linear algebra course in the Data Science and Machine
Learning Series. Using Dot Products and Duality . Know all about dot products and duality in this
seventh topic within this linear algebra course in the Data Science and Machine Learning Series....
  linear algebra for machine learning: A Matrix Algebra Approach to Artificial Intelligence
Xian-Da Zhang, 2020-05-23 Matrix algebra plays an important role in many core artificial
intelligence (AI) areas, including machine learning, neural networks, support vector machines
(SVMs) and evolutionary computation. This book offers a comprehensive and in-depth discussion of
matrix algebra theory and methods for these four core areas of AI, while also approaching AI from a
theoretical matrix algebra perspective. The book consists of two parts: the first discusses the
fundamentals of matrix algebra in detail, while the second focuses on the applications of matrix
algebra approaches in AI. Highlighting matrix algebra in graph-based learning and embedding,
network embedding, convolutional neural networks and Pareto optimization theory, and discussing
recent topics and advances, the book offers a valuable resource for scientists, engineers, and
graduate students in various disciplines, including, but not limited to, computer science,
mathematics and engineering.
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